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- Kappel, Maamar, & Motahari-Nezhad

- Salehie, & Tahvildari

- Work load

- Klein, Maggio, Arzén, & Hernandez

- Chen, & Bahsoon

- D'Ippolito, Braberman, Kramer, Magee, Sykes, & Uchitel
- Ramirez, Jensen, & Cheng

- Jamshidi, Camara, Schmerl, Kédestner, & Garlan
9- Barrett, Howley, & Duggan

10- Dutreilh etal

11- Lorido-Botran, Miguel-Alonso, & Lozano

12- Arabnejad, Pahl, Jamshidi, & Estrada

13- Amoui, Salehie, Mirarab, & Tahvildari,

14- Moustafa, & Zhang
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1- Exploration Rate

2-Rate Exploitation

3- Policy based Reinforcment Learning
4- Sutton, McAllester, Singh, & Mansour
5- Nachum, Norouzi, Xu, & Schuurmans
6- Sutton, & Barto

7- Value-based RL
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- Value Function as Lookup Table.

- Moustafa, A., & Zhang

- Coarse-grained

- Fine-grained

- Value function Approximation.

- Exploration — Exploitation Dilemma.
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- E-Greedy

- Non-stationary

- Monitor-Analys-Planning-Execute-Knowleage.
- SelfAdaptive Systems

- Iglesia, & Weyns

- De Lemos etal

- Kephart, & Chess

- Sensors

- Effectors
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1- Sutton, McAllester, Singh, & Mansour,
2- Nachum, Norouzi, Xu, & Schuurmans
3- Markov decision process.

4- Reward function
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1- Actor-Critic.

2- Proxcimal Policy Optimization

3- Schulman, Wolski, Dhariwal Radford, & Klimov
4- Clipping
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